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Latent variables z; ~ AN (z]0,1) t=1,..., T (3)
Context vy = fo(hs_1,x";60,) (4)
Hidden state h; =  fa(hy_1,2¢, ve:0n) (5)
Hidden Canvas ¢; = fu.(c;_1.h;6,.) (6)
Observation x ~ p(x|fo(cr:fy)) (7)‘
Generative model Inference model
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