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FIG. 1 TASK DESCRIPTION
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Sub-goals plan:
[The robot is grasping the blue object,
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New task: “Stack the blue
object on top of the red object
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Decompose new task into text sub-goals. Extract and relabel past data using the VLM with the new
LLM-extracted sub-goals. Add all successful trajectories to the new buffer.
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Steps needed to reach 50% success rate while learning
tasks in succession via data reuse
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Learning curve for the “Stack red on blue” task Learning curve for the Triple Stack task
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